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Background and Research Questions Data
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P vary In length, preventing streamline labelled based on anatomical plausibility

m;t;i/ra(vz’\g)s direct comparison e HCP [3]: A subsample of 41 subjects of the test-retest release of the
P ) Y HCP dataset. Gold-standard for tractography analyses
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tractography (DET, PROB, PFT, SET) = Tractogram size comparison
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Model & Results

Our model, ECLIPSE, has an autoencoder-like architecture based on e ECLIPSE has a substantially lower reconstruction error than FINTA
edge convolution
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Generalization Downstream task
e ECLIPSE shows generalization capabilities to different datasets, step * Quilltgt(;ye analfl,ls onbdgwnstregm_ taiks, E’hfw thaé%CLlPtSE i
sizes and tractography types embeddings achieve better discrimination between different streamline
bundles: Cingulate, Front Aslant Tract (FAT), Uncinate Fasciculus (UF)
fixed step size flexible step size
Model
1 : E ™ ECLIPSE
mm 2 mm 3 mm const TILL’LGd
FINTA (padding) 047 4.11 13.0245.77 2245 Cingulate
FINTA (resampled) 0.28
ECLIPSE (DEC) 0.14 236 1573 0.09  81.59
ECLIPSE 0.06 0.24 158 007 598
Model B&G HCP TractoInferno FAT
PROB PROB DET PROB PFT SET
FINTA (padding) 0.82  0.83 49.23 15.29 16.64 20.28
ECLIPSE (DEC)  0.28  0.29 238.45 78.31 58.07 107.50 UF
ECLIPSE 0.08 0.07 27.85 3.83 5.57 13.68
MSE of the models in different settings
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